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Fine tuning tutorial

Fine-tuning tutorial for Evo2: Adapt the 1b evo2 checkpoint
for your hardware

Deploy tutorial on brev.de:

Background and motivation

To motivate this tutorial, we have noticed that the public evo2 checkpoint in hugging face for
the 1b model is sensitive to ——fp8 status in training, the zero shot inference task, as
demonstrated in the zero shot BRCA-1 notebook, produces near random AUCs if you do not
use ——fp8 . If you want to infer or score new data, you need FP8 enabled since it was trained
that way. Interestingly the 7b checkpoint does not suffer from this limitation and seems
robust to FP8 being activated or not. The consequence of this is that if you have older GPUs
with a compute capability less than 8.9, which do not support FP8, then the output that you
get from scoring sequences with sensitive checkpoints may not be biologically meaningful.

We plan on making a 1b parameter evo2 checkpoint available soon that has been fine-tuned

NVIDIA/bionemo-framewo..
Ov26.1 was1 ¥

Table of contents

Fine-tuning tutorial for Evo2:
Adapt the 1b evo2 checkpoint
for your hardware

Background and motivation
Requirements

Setup training data
[Optional] specify or convert
initial checkpoint

Configure the training
dataset

Next steps

How we fine-tuned the 1b
checkpoint for bf16
accuracy

Evo2(EHugging Face TH

NVIDIA NeMO/BioNeMo (NVIDIARRDHF transformersD &S5 T7L—ALAD—2)
THLRHESTNTWD,

NVIDIA SO RBRIBETO 74 Y Fa1—ZVJ gk,
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to be robust to FP8 or BF 16 inference in bionemo on NGC, but in the meantime this notebook
tutorial outlines the steps for fine-tuning. The only difference between this notebook and what
we did in production was to run these steps on more data on a slurm cluster to increase the
global batch size. That said, if you run this for enough steps to get loss on the 1b checkpoint to
the 1.08 range, you should have good luck with downstream sequence scoring tasks.

Requirements

https://docs.nvidia.com/bionemo-framework/2.6/user-guide/examples/bionemo-evo2/fine-tuning-tutorial/
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